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Motivation: Low Competition in Public Procurement

» Procurement ~10-20% of GDP

— competition: one of the main principles

» We're far from the competitive benchmark.
2011 — 2021 (Titl, 2025):
< EU single—bid tenders 23.5% — 41.8%
< avg. # bidders 5.7 — 3.2

» Motives: corruption, political connectedness,
natural monopolies, search costs, ...

(_ Literature Contributions )




Motivation: Low Competition in Public Procurement

» Procurement ~10-20% of GDP

— competition: one of the main principles

This paper:
> We're far from the competitive benchmark. < buyers may optimally restrict competition in
2011 — 2021 (Titl, 2025): tenders to manage a fleet of durables.

< EU single—bid tenders 23.5% — 41.8%

< avg. # bidders 5.7 — 3.2 — how to distinguish this from other motives.

— application: urban bus market in Poland.

» Motives: corruption, political connectedness,
natural monopolies, search costs, ...

(_ Literature Contributions ) 1
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A Dynamic Model of Fleet Renewal

Setup & dynamics.
» fleet: a collection of durables
» management cost increasing in # brands

» a forward—looking buyer procures a unit
from one of N brands every period

» the winning brand stays until next period;
others drop with probability p > 0.



A Dynamic Model of Fleet Renewal

Setup & dynamics. Buyer’'s choice: each seller's winning probability
> fleet: a collection of durables — a favoritism rule — to trade off:
> management cost increasing in # brands » commonality: a unified fleet is cheaper to run
> a forward—looking buyer procures a unit » lock—in: favored sellers charge higher prices

from one of N brands every period

» the winning brand stays until next period;
others drop with probability p > 0.



Main Results

Proposition 1: Optimal Favoritism

The buyer always favors incumbents, setting a higher winning probability for them than for
non—incumbents.




Main Results

Proposition 1: Optimal Favoritism

The buyer always favors incumbents, setting a higher winning probability for them than for
non—incumbents.

Proposition 2: Optimal Foreclosure

Suppose (i) commonality motive is strong, (ii) goods are long—lived, (iii) the market is thin
(few suppliers), and (iv) the single—bidder bidding is disciplined (e.g. via a reserve or budget cap).

Then, the buyer optimally forecloses: it always re—buys incumbents = the fleet collapses to a
single brand and eventually tenders draw a single bidder without corruption.




APPLICATION: URBAN BUS MARKET




Environment & Data

~180 public bus operators.
» owned by municipalities: EU public procurement
» own, utilize, repair their vehicles

» bus brands matter — fleet variety is costly
(Premik and Yu, 2026)
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Environment & Data

~180 public bus operators. ~ 30 bus producers bidding in 2006-2024.
» owned by municipalities: EU public procurement > entry, exit, specialization in subset of types
» own, utilize, repair their vehicles » clear set of potential bidders
» bus brands matter — fleet variety is costly » no geographical barriers

(Premik and Yu, 2026)

Data Sources.
> auctions: all auction documents for nearly every purchase (2006-2024)
> fleets: a list of all buses owned by the operators (2005-2024)

» bus features: technological solutions applied by the regular sellers in their buses



Concentrated Fleets & Low Competition Despite Diverse Supply

Fleets unified despite frequent purchases.
> fleet renewal: ~15% every 2" year
» average 30 brands on the market each year

> average 3.5 brands per operator (2 active)



Concentrated Fleets & Low Competition Despite Diverse Supply

Fleets unified despite frequent purchases. Tenders are not competitive.

> fleet renewal: ~15% every 2" year
# bids 1 23 4+

» average 30 brands on the market each year
i % tenders 54.3 349 3.0
> average 3.5 brands per operator (2 active)




Two Tools of Tender Design

Requirements: who may bid.

» requiring technological solutions —
eliminate some sellers-to-be.

» measure of favoritism: % excluded

» incumbents 22, non-incumbents 69

( Examples: Technological Criteria )( Requirements ]( Scoring )



Two Tools of Tender Design

Requirements: who may bid.

» requiring technological solutions —
eliminate some sellers-to-be.

» measure of favoritism: % excluded

» incumbents 22, non-incumbents 69

Scoring: who is favored.

» scoring technological solutions —
set price (dis-)advantage for sellers-to-be.

» measure of favoritism: % of discount to win
with the most preferred seller

» incumbents 4.3, non-incumbents 11.9

( Examples: Technological Criteria )( Requirements ]( Scoring )



Two Tools of Tender Design

Requirements: who may bid. Scoring: who is favored.
» requiring technological solutions — » scoring technological solutions —
eliminate some sellers-to-be. set price (dis-)advantage for sellers-to-be.
» measure of favoritism: % excluded » measure of favoritism: % of discount to win
» incumbents 22, non-incumbents 69 with the most preferred seller

» incumbents 4.3, non-incumbents 11.9

Choice of these criteria nearly at full discretion of the buyer.
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Two Tools of Tender Design

Requirements: who may bid. Scoring: who is favored.
» requiring technological solutions — » scoring technological solutions —
eliminate some sellers-to-be. set price (dis-)advantage for sellers-to-be.
» measure of favoritism: % excluded » measure of favoritism: % of discount to win
» incumbents 22, non-incumbents 69 with the most preferred seller

» incumbents 4.3, non-incumbents 11.9
Choice of these criteria nearly at full discretion of the buyer.
Low participation explained.

Potential | "equirements Eligible scoring Actual
43 2.3 1.3

avg. # bidders per tender

( Examples: Technological Criteria )( Requirements ]( Scoring )



IDENTIFYING BUYER’S CONDUCT




|dentifying Buyer's Conduct

» What we see: favoritism — low participation — unified fleets.
» The problem: corruption and commonality look identical in the cross-section.

» Identification: they differ in how favoritism dynamically reacts to a new brand in the fleet!

( Empirical Specification ) 10



|dentifying Buyer's Conduct

» What we see: favoritism — low participation — unified fleets.
» The problem: corruption and commonality look identical in the cross-section.

» Identification: they differ in how favoritism dynamically reacts to a new brand in the fleet!

Corollary 1: Distinguishing Between Buyer’'s Motives

Corruption  Commonality

entrant v /!
incumbents Ny —
other non—incumbents — —

( Empirical Specification ) 10



Buyer's Attitude Toward Entrants Improves Upon Entry & Persists
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Stacked Event-Design around brand introductions; treated: entrants; SEs clustered by bus operator.
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Buyer's Attitude Toward Existing Incumbents Remains Unchanged

probability of being selected

-.34 introduction

S5 1481334367
time from introduction of a brand

point estimate 95% confidence interval

(@) prob. of being eligible

Stacked Event-Design around brand introductions; treated:

bidder preference weight

introduction
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time from introduction of a brand
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(b) bidder preference weights

entrants; SEs clustered by bus operator.
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Buyer's Attitude Toward Other Non-Incumbents Remains Unchanged

probability of being selected
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(@) prob. of being eligible

Stacked Event-Design around brand introductions; treated:

104

bidder preference weight

introduction
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time from introduction of a brand

point estimate 95% confidence interval

(b) bidder pref. weights

entrants; SEs clustered by bus operator.
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FURTHER RESULTS
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Taste For a Brand or Technology?

What if favoritism reflects true preferences for technology rather than brands?
» natural experiment: a new generation of the vice market leader
» the brand switched trade—off features: technologies that do not dominate each other

» how does this transition affect the choice of favoritism criteria?
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Taste For a Brand or Technology?

What if favoritism reflects true preferences for technology rather than brands?
» natural experiment: a new generation of the vice market leader
» the brand switched trade—off features: technologies that do not dominate each other

» how does this transition affect the choice of favoritism criteria?

Result: buyer’s choice of criteria follows the brand, not technology
» Requirements shift old — new variant (net +0.192**: drop old —0.094"*, adopt new +0.083")

» the now—mismatched scoring criterion is dropped (—0.126"").

Stacked DDD/DiD around new gen. introduction; treated: pre-2020 buyers; SEs clustered by bus operator.
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CONCLUSION
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Conclusion

Noncompetitive tenders can result from buyer’s optimal conduct.

» How? buyers favor the brands they own through tender design

» Why? a commonality vs lock—in trade off
» How do we know? upon entry, the entrant’s treatment improve while buyer’s preferences
toward existing incumbents remain the same, and the effect persists.
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Conclusion

Noncompetitive tenders can result from buyer’s optimal conduct.

» How? buyers favor the brands they own through tender design

» Why? a commonality vs lock—in trade off
» How do we know? upon entry, the entrant’s treatment improve while buyer’s preferences
toward existing incumbents remain the same, and the effect persists.

Policy Takeaway
Low tender competition needs not necessarily signal inefficiency. Policies enforcing competition,
e.g. minimum bidder mandates (China, Czech Rep.), may be counter-productive.
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Thank you for your attention!

More on this project can be found at www filippremik.com.

18


https://www.filippremik.com

References |

ASKER, J., AND E. CANTILLON (2008): “Properties of scoring auctions,” The RAND Journal of Economics, 39(1), 69-85.
(2010): “Procurement when price and quality matter,” The Rand journal of economics, 41(1), 1-34.

BaJARl, P., AND L. YE (2003): “Deciding Between Competition and Collusion,” The Review of Economics and Statistics,
85(4), 971-989.

BRESNAHAN, T. F. (1982): “The oligopoly solution concept is identified,” Economics letters, 10(1-2), 87-92.
CHEN, Q. (2025): “Rigging the Scores,” unpublished manuscript.

CoNLEY, T. G., AND F. DECAROLIS (2016): “Detecting Bidders Groups in Collusive Auctions,” American Economic Journal:
Microeconomics, 8(2), 1-38.

DUARTE, M., L. MAGNOLFI, M. SOLVSTEN, AND C. SULLIVAN (2024): “Testing firm conduct,” Quantitative Economics,
15(3), 571-606.

FAZEKAS, M., V. POLTORATSKAYA, M. SCHIFFBAUER, AND B. Tét1H (2025): Procuring Low Growth. World Bank.

KaNG, K., AND R. A. MILLER (2022): “Winning by default: why is there so little competition in government procurement?,”
The Review of Economic Studies, 89(3), 1495-1556.

KRASNOKUTSKAYA, E., AND K. SEim (2011): “Bid preference programs and participation in highway procurement auctions,”
American Economic Review, 101(6), 2653-86.

MARION, J. (2007): “Are bid preferences benign? The effect of small business subsidies in highway procurement auctions,”
Journal of Public Economics, 91(7-8), 1591-1624.

MicHEL, C., J. M. PAaz Y MINO, AND S. WEIERGRAEBER (2024): “Estimating industry conduct using promotion data,” The
RAND Journal of Economics, 55(4), 658—-683.

19



References |l

NAKABAYASHI, J., J. M. ORTNER, S. CHASSANG, AND K. KAwAI (2025): “Scoring and Cartel Discipline in Procurement
Auctions,” Discussion paper, National Bureau of Economic Research.

PORTER, R. H., AND J. D. ZoNaA (1993): “Detection of Bid Rigging in Procurement Auctions,” Journal of Political Economy,
101(3), 518-538.

PREMIK, F., AND D. YU (2026): “The Costs of Fleet Variety,” unpublished manuscript.
TITL, V. (2025): “The one and only: single-Bidding in public procurement,” Discussion paper, CESifo Working Paper.

20



Related Literature

P Low participation in public procurement: political connectedness or corruption (Fazekas, Poltoratskaya, Schiffbauer, and
Téth, 2025; Titl, 2025), agency search costs of attracting more bidders (Kang and Miller, 2022), all focus rather on why
than how.

< this paper: buyer's actively restrict competition to avoid organizational costs
< this paper: detailed treatment not only of why but also of how.

P Identifying firm conduct: distinguish between different models of oligopoly in posted price markets relying on instruments
(Bresnahan, 1982; Duarte, Magnolfi, Solvsten, and Sullivan, 2024; Michel, Paz y Mino, and Weiergraeber, 2024), conduct
studies in procurement auctions focus on identifying collusion among bidders (Porter and Zona, 1993; Bajari and Ye, 2003;
Conley and Decarolis, 2016).

< this paper: study buyer's conduct in procurement markets, auction design paired with history of outcomes to distin-
guish between alternative motives for restricting competition.

P Scoring and favoritism in auctions: scoring auctions studied as a mechanism allowing trade-off between price and quality
(Asker and Cantillon, 2008, 2010). Favoritism studied as a tool of implementing gov's policy (Marion, 2007; Krasnokutskaya
and Seim, 2011). Scoring as a tool of facilitating corruption (Chen, 2025) or collusion (Nakabayashi, Ortner, Chassang,
and Kawai, 2025).

< this paper: scoring as a way to implement favoritism, used to mitigate switching costs.

(_ Back to the Motivation )




Technological Criteria: Examples (1)

Windshield Division

Back to Slides
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Technological Criteria: Examples (II)

Front axle suspension system

SOLID AXLE

Back to Slides

INDEPENDENT
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Two Tools of Tender Design: Requirements

Criterion Requirements  producer A producer B
i . panoramic allowed v’ v’
Windshield
divided allowed v’
independent required v’

Front axle susp.

fixed - v’

» Producer B cannot submit a valid bid.

— doesn't offer independent front axles

Back to Slides



Two Tools of Tender Design: Scoring

Criterion Scoring  producer A producer B
. . panoramic 10 v’ N
Windshield
divided 0 v’
10 10
independent 10 v’
Front axle susp.
fixed 0 v’
10 0
Price lowest 80 pts

» B has to submit a price lower than A to make up for 10pts loss (by at least 12.5%)!

— bidder preference weight 6: % price discount to win with the most preferred bidder

Back to Slides 25



Empirical Strategy: Stacked DiD Around a New Brand Entry

Yijt = gPib (Postjje x Treated;;) + aPPost,-jt + aTTreated,j + & X + Ajj + Nie H €t (1)

» Stacked DiD around introduction of a new brand to buyer's fleet.

Data levels: buyer i, brand j, year t.

Event: the introduction of a new brand into operator i’s fleet.

Treated: i's entrant, incumbents, and other non-incumbents.

Controls: brands not in i's fleet, drawn from auctions of the same/ other operators.
Post: indicator of periods from entry onwards.

Outcomes: eligibility status & bidder preference weights.

Feel e

Back to Slides 26



DiD: Evidence of Operational Motives in Restricting Competition

Table: DiD estimates: the effects of a new-comer's entry on the post-entry tender design.

new-comers

(1)

incumbents

)

non-incumbents

®3)

prob. of being eligible .199 —.079 .015
(.067)%** (.060) (.042)
bidder preference weight 6 —8.843 1.931 .550
(3.844)** (2.441) (-694)
# events 117 114 189
# auctions 773 665 667
N 23159 23799 32428

The table presents the estimated change in probability of a brand being eligible (that is, allowed by the buyer through the tender
design) to participate in a tender and its bidder preference weight 6 (that is, a measure of a price advantage or disadvantage in
bidding based on buyer's choice of technological scoring criteria) in response to the introduction of a new brand to the fleet among
(1) the new-comers, (2) the incumbents, (3) the non-incumbents. Clustering. We cluster standard errors at the bus operator level.
Presentation. Standard errors are given in parentheses under the estimated effects. P-values. *** <.01,** <.05,* <.1.
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