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Research Question

Markups are important in many fields of economics

» Rising markups: De Loecker & Eeckhout (2018); De
Loecker, Eeckhout, & Unger (2020)

» “Product function approach” using accounting data
» Assumption of cost minimization
Research questions
» Have markups increased over time?

» If so, which channels contribute to this development (esp.

demand vs supply)?

» If so, what are the implications of rising markups?



This paper
Estimate demand (and supply) for 127 product categories
» Evaluate how markups change between 2006 and 2019

> “|O-style” approach allows to capture flexible consumer

preferences

Our results in a nutshell
1. Markups increase by more than 20 percent
» Driven by changes within products over time
2. Driven by falling (deflated) marginal costs and stable

(deflated) prices

3. Consumers become less price sensitive



Empirical framework

Our approach in a nutshell

Estimate demand system

Analyze time series
and obtain elasticities

of markups

Recover markups
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Empirical framework

Measuring market power (simplified example)

Single product firm maximizes profits (Q = residual demand)
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Lerner markups depend on the elasticity of demand

pP-C 1

P €
~——

Lerner (1934) Index Inverse of elasticity of demand
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Empirical framework

Estimating elasticities

Demand: random coefficients logit model (following BLP, 1995)

Supply: marginal costs are linear function of fixed effects

» Bertrand competition among manufacturers

Identification:
» Covariance restrictions (MacKay & Miller, 2021)

» Micro-moments for demographic parameters (Petrin, 2002)



Data

2,800 estimation samples (14 years x 200 product categories)

Retail Scanner Dataset

» Quantities and prices for the top 20 brands and the “fringe”
brand

Consumer Panel Dataset
» Purchasing decision of consumers
» Sample demographic draws

» Construct micro-moments

Capital 1Q (brand ownership) & Zephyr (merger data)



Results

Aggregate trends
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Lerner index measured as (p — c)/p. Mean of the mean product category Lerner indices.

RTE Cereals



Results

Evolution of markups at the product level
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Regression of log((p — ¢)/p) on region*retailer'brand FE, quarter and year FE. Figure shows coefficients and
standard errors of year FE. Changes are relative to the base year 2006. Standard errors are clustered at the product

category level.



Results

Evolution of own-price elasticities

0.14

e HHHHH

-0.44

Estimated Change in OP Elasticity

-0.54

20I06 ZOIO7 ZOIOS 20I09 ZOIlO 20I11 20I12 20Il3 20I14 20IlS 20I16 20I17 2()'18 20I19

Regression of log(op elasticity) on region*retailer*brand FE, quarter and year FE. Figure shows coefficients and
standard errors of year FE. Changes are relative to the base year 2006. Standard errors are clustered at the product
category level.



Results

Decomposition into deflated prices and marginal costs
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Regressions of log(p) and log(mc) on region*retailer*brand FE, quarter and year FE. Prices and marginal costs are
deflated. Figure shows coefficients and standard errors of year FE. Changes are relative to the base year 2006.

Standard errors are clustered at the product category level.



Results

Relative changes in markup distribution
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Regressions of the log of the quantiles of the yearly markup distributions at the product category level on product
category FE and year FE. Figure shows coefficients and standard errors of year FE. Changes are relative to the base
year 2006. Standard errors are clustered at the product category level.

Absolute vs relative changes in markup distribution




Next steps

Investigation of possible channels
» Demographics (esp. role of income)
» Concentration
» Ownership
» Product assortment (variety)

» Marketing expenditures



Conclusion

Apply “demand side” approach for 127 product categories and

14 years

> Allows to overcome some challenges of the “production

function approach” used previously in the literature

Preliminary findings

» Markups increased by more than 20 percent

» Driven by changes within products over time
» Source is a decline in consumers’ price sensitivity
» Real marginal costs fall, while real prices remained almost

unchanged



Discussion & Questions
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Backup slides

Measuring market power (based in BLP (1995))
Profit maximization of a multi-product firm:

on
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Prices can be decomposed into marginal costs and markups:

p=c+(OxA)'s

Bold symbols indicate vectors. F is the set of products owned by firm f, © is the ownership matrix and A the
matrix of derivatives s /dp; .



Backup slides

Covariance restrictions for RTE Cereals in 2006

Contribution of Covariance Restrictions
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Backup slides

Covariance restrictions for RTE Cereals 2006-2019
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Backup slides

Results for RTE cereals
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Backup slides

Absolute changes in markup distribution
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